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Abstract:

Distinguishing sightings is a commonly used method because of the
many applied phenomena that can be analyzed through the method
of distinguishing sightings. There are many methods that can be
used to classify sightings. Among these methods is the technology

of artificial neural networks.

In this study, synthetic neural networks were used to classify
sightings and find out the most important factors influencing kidney
failure. Data was collected from the kidney washing center of the
municipality of Al Khums - Libya using a simple random sample.
The study included 167 infected and non-kidney failure. Some
laboratory analyses have been taken for them, and it has been
considered that people with and without kidney failure have a
subordinate variant, while the independent variables have been
(hemoglobin, blood pressure, potassium, sodium, creatine, Urea,
age). The study found that the most significant variable in
classification using synthetic neural networks was the urea variable,
with an important ratio of 35.0%, followed by the Creatinine
variable with an important ratio of 28.2%, while the lowest variable
was the gender variable of 2.7%, while a rating accuracy and
prediction score (88.2%).

Keywords: Artificial Neural Networks, Kidney Failure,
Classification, Prediction, Classification Accuracy, Urea,
Creatinine.
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Testing Clas e 6 1 85.7%
Glas 5 39 88.6%
Overall Percent 21.6% 78.4% 88.2%

Jadly Cpbas ) (aliid manall Crneaill ozt Gilad) (7) Jsaadl o
oY) dve 4 %85.7 &b Law Training cuwysill due 4 %89.3 il (5l
el sl Jadly pulaad) Galaid maall Caiall dus of 5 ¢ Testing
2\.'\:\:— 8% CUA.U"_ LS ¢ _)LC\;‘)!\ 3.\_..\.:; ‘f %886 é—\ LA.QJ u:l)i\]\ z\.\:\:— L_ﬁ 0/0898
@.} Ll duvanl) 4<EN ol e\J;le} @\a.«aj\ Caavatll dawd o) HLadY)
lae 5 ¢ saaal) culajiall Cauiaill o ganll 83liae dacall oda yiiad Gun ¢ %88.2
dgpad]l G dasial A0 e et A A ) dae WSS G

Gdlle 30U Caynatll (alyeY duelilaiaY)

Qi) Cpaiall Losadl) dsaal) Judas (8) Jgis

Independent Variable Importance
Importance Normalized Importance
puinl 027 7.7%
el .050 14.3%
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Ll .350 100.0%
S 282 80.7%
p 3 gl .108 30.9%
psmlisd .090 25.6%
— .059 16.8%

st sanell .034 9.9%

dpremal) ISl alasiuly Chiaill (& ige e sl o (8) saad) (e s
OBLN ke 4l 2 ¢ %35.0 aies) L izl 3 Lygl) jxie g8 e libaY)
O ¢ %10.8 il Ll Ly aguageal) ola ¢ %28.2 il Luad) Aoy
Loaa) (s alall pe ¢ %2.7 crly Laty Gaind) pite sa Gaeal il il IS
G Lan (il U1 8 )< sl @b ol i il Ll
oSN Qs ((lean g ¢ Onbias ) pedl GalAl) Caiiail e sl O ey
Loaal Al Gl ( Gaslagangl) ¢ Jaxaall ¢ anll il Jysiall Laiy Lysall jaiie s
el W hea (ol SIS clpnal sda il o) (i< Jadl) G B
algiceall il yoatiall drea) Losi rangid Normalized Importance Jgaall (o i)
Chariall el Laa¥) mang (7) Sl ISally ¢ Syl Gl das aal Y

- Algil)

Normalized Importance
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Impeortance

Aaeall cyuiall L) L) mag (7) I
SPSS V23 i juadl
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il .S

Jadll eVl iy b dlle 50US el e lilaaY) daasll Gl 23000 —1
e 5 88.2% 5l due 3 89.7% Chmal A8y cutly Gus (5K
cpzanilly Sl Ao zigaill Bam 538 Ao Jy Les ¢ jlasY)

il oS Jadlls pbad) (alidl maall Gl daws o Ayl ety —2
Testing ,laa¥) due & %88.6 il Ly Training il e 3 %89.8
sl Jadlly Cbeas il (alidd] sl o) A of dudall caty =3
DY) dwe & %85.1 &b Luy Training cwxll due 4 %89.3 &l
.Testing

z3saill 48> of (5-Fold Cross Validation) sl @geaill gibs ekl —4
(aitia (Slae Glail xe (%89.5 Lugia: % 92.5 5 %86.7 (m cusl
Al LBgigas zigaill phial San Le 585

ey Omleadll (s Axdf e haad 538 doc Llaa) dpuanl) GIKAN #3505 320 =5
e (e daldiudl, AUC = 0.937 4l caaly s ool Jdlly uliadll
Sae g5 shal N e Ak a9 (ROC

Gy palad¥) dlial (A sigall Akl el aal e sa Lysall o i —6
35.0% oy (55U Sl Ala) i 3 Bl V) IS G (gl Ll
sl Jaal 00 63.2%  Lia D& Cus (28.2% oy sl <) e 4y
)

LAY .6

G 8 AJR8 81 ad e lihaal) deaad) IS o ) coald du)l) o3
g s (167) cilads duaily @lily Ao lalael clgy gally (gol<N) Jadll eVl
) due & (%89.7) il Caneas 48y Al oda b k) £ 3gall (3oa
cananill o Bas 538 ey L lodY) due 8 (%88.2)

&L 48 Lug (5-Fold Cross Validation) —adalial aail) gl <kl
Aaleall daid caaly LSz dgaill Hjiin) o5 Lay ¢ paidia (giline <ilails (%89.5)
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O g L Bliee Ly 88 ) 8pda « (AUC = 0.937) o3 ROC iaie o
Ol Sl 4y (%35.0) sy B3l Y IS Lyedl i o Aseatl) a1 s
(%2.7) Aoy i) puria (B Bagane Aadle ilS o 8 ((%28.2) dawy
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Sy Jeadl] Lpan)l SIS 23l 8 Afied) Eaal) Caaill z3lS
Al O e paes 8 il (B ) STl (i gana
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i dplall Yl e WiSH aae s dpalai@ )y doc LaaY)
Baegi b Bie dalses Buan Sl Jlasl ollls el Sluball sl -3
(@IS Q) Sl ol ollsall Ciisg
LilaaV) clipkil)l e Lelha¥) dupaddl cldll osldl sladid 4
G (e @il ddgpad) Aflasl cullu¥ly zilall il Lgn)liag
Ggad) SIS aladi)
by e Jyanll daall )y 8 Lilasy) Cllall pen 52l ks =5
sk B Lt ducayeg B i) (58 STABA Ale 85 duadlyy ddids
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